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Abstract

Acute oral toxicity data are used to meet both regulatory and non-regulatory needs. Recently, there
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Our dataset consists of data from seven different sources: OECD eChemPortal, ECHA (European Chemicals Agency) Global Regression Model Results

ChemProp, NLM (National Library of Medicine) HSDB (Hazardous Substances Data Bank), Leadscope, NLM
ChemlDplus via TEST (Toxicity Estimation Software Tool), EU JRC (Joint Research Centre) AcutoxBase and NICEATM
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were found to be outside the scope of what the models were Capable of predICtlng' The majorlty of Ca Icu Iate eThe RMSE (root mean square error) was calculated and 2017. Documentation available at: https://cran.r-project.org/web/packages/e1071/e1071.pdf

substances in the dataset compiIEd fell outside of the appllcablllty domain of TIMES. In ContraSt' TEST was averaged over all cross validations. MASS package for R: Ripley, Brian, et al. Support Functions and Datasets for Venables and Ripley's MASS. April 21, 2017. Documentation available at:
able to make predictions for the majority of the dataset. To assess accuracy, we considered a prediction to be N\/N= https:/cran.r-project.org/web/packages/MASS/MASS. pdf
accurate if it was within one log value of the median LD50 value or if it was within the values measured in the
animal data, whichever was greater. This interval for assessing the accuracy of in silico predictions will be
refined further based on ongoing analysis of the variability of the animal data that has been collected.

. gbm package for R: Ridgeway, Greg. Generalized Boosted Regression Models. March 21, 2017. Documentation available at:
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Caret package for R: Kuhn, Max, et al. Classification and Regression Training. April 18, 2017. Documentation available at:
eAdjust ridge coefficients, controlling the strength of the penalty https://cran.r-project.org/web/packages/caret/caret.pdf
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