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DIV12 endpoints detected larger effect sizes
compared to AUC endpoints.

Introduction to the Microelectrode Array (MEA) and Methods DIV12 endpoints captured more potent minimum

Endpoints measuring changes in Electrode
Activity were most correlated between DIV12

The mutual information endpoint demonstrated the

effect levels per chemical compared to the AUC.

highest correlation between AUC and DIV12 analyses

= In vitro new approach methods (NAMs) help evaluate developmental neurotoxicity (DNT) potential.
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© Future Directions: These results indicate that the inclusion of DIV12 endpoints may be additionally informative for detecting
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